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Extended Abstract 
Introduction  

Due to water resources limitations in the country, future decisions will be based on future status. In the present 

study, to investigate the effect of climate change on hydrological components (minimum temperature, maximum 

temperature, precipitation, and sunshine hours), the information of Kamalvand water gauging station from the 

headwaters of Kashkan River located in Khorramabad City and Khorramabad meteorological stations were used. 

For this purpose, taking into account the climate information by LARS-WG software, their values were predicted 

in the future under three scenarios including A1B, A2, and B1 in three time periods of 34 years from 2011 to 

2113. Considering the limited water resources, making management decisions will require knowing the future 

state of water resources. This phenomenon can cause considerable damage in vulnerable areas. Therefore, as 

water and its related issues are among the main concerns of mankind in the coming periods, it is necessary to 

evaluate the occurrence of climate change and the extent of its impact on water resources. According to the 

importance of knowing the amount of river flow in hydrological studies and water resources management, and 

the lack of information about the changes in the amount of river flow in the coming years, this study was 

designed and implemented to predict the daily flow of the Kashkan River in Khorramabad City in the coming 

years. To achieve this purpose, with the application of the atmospheric general circulation model and various 

intelligent neural models, the prediction of river flow with high accuracy under different climate change 

scenarios was examined. 

 

Material and Methods  

This watershed forms an important part of the water-rich tributaries of the Karkhe River and covers about one-

third of the land of Lorestan Province. In this study, the data of the Kamalvand River gauge station from the 

headwaters of the Keshkan River located in Khorram Abad have been used. In this study, relying on the ability 

of the artificial neural network, the application of this method was evaluated along with two hybrid models 

including neuro-fuzzy (CANFIS) and neuro-genetics (ANN-GA). The water crisis can be considered one of the 

challenges facing different regions of the country in the coming years. Managing water resources and dealing 

with the water shortage crisis requires knowing the state of hydrological components in the coming years. For 

this purpose, in this study, the status of meteorological parameters and the amount of river flow in the coming 

years were investigated. To achieve this goal, the capability and application of the LARS-WG model in 

forecasting meteorological parameters and intelligent neural models were used in river flow forecasting. 

 

Results and Discussion  

Based on the obtained results, the trend of increasing minimum and maximum temperature and evaporation and 

transpiration was predicted until 2113. Regarding the parameters of precipitation and solar radiation, a decrease 

in precipitation and an increase in radiation were predicted from 2080 to 2113. Comparing the performance of 

intelligent neural models in predicting river flow showed the superiority of the neural-fuzzy model over artificial 

neural and neuro-genetic models. river flow prediction with the neuro-fuzzy model until 2113 under scenarios 

A1B, A2, and B1 indicated that the lowest amount of river flow will be observed in scenario A1B and the 



  
highest amount will be observed in scenario B1. The temporal changes of the river flow during different seasons 

showed that the river flow will increase in spring, autumn, and winter. In general, according to the changes in 

meteorological parameters and the observed values of the river flow, the description of the changes in the river 

flow in scenario A1B was closer to reality. This makes it necessary to properly manage the river flow, especially 

in the summer season of 2080-2113.  

 

Results  

The results indicated that minimum and maximum temperatures and evapotranspiration during the next years 

will increase. In scenario A2, the precipitation changes trend was decreasing and solar radiation was increasing, 

however in other scenarios trend of increasing and decreasing. Then the discharge amount under different 

scenarios was calculated. The forecasting discharge values by intelligent models showed that the CANFIS model 

had more accuracy than the ANN and ANN-GA. The results of the optimized structure of CANFIS illustrated 

that the minimum discharge value in the future will occur in scenario A1B and the maximum discharge amount 

will be recorded in scenario B1. The evaluation of the seasonal trend showed that the flow rate increased in 

spring, autumn, and winter compared to the base period by 20.60, 17.31, and 9.27%, respectively. The lowest 

river flow in summer will occur under the A1B scenario during 2080-2113. rivers are one of the most important 

effective factors in the geomorphological processes of the earth and the hydrological cycle. Effective factors in 

very diverse hydrological processes and their applications in designed models are very difficult and the existence 

of high uncertainties and strong nonlinearity of the data complicates the issue. Long-term records of hydrological 

data show the temporal changes in discharge caused by climate change and vegetation changes. 
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Figure 1- Location of Keshkan River in Lorestan Province 
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Figure 2- Monthly changes in meteorological parameters during the base period 
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Figure 3- Comparing the output of the LARS-WG model with the observed values of the Kamalvand hygrometer station in the base 

period (1991-2010) 
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Table 1- The average meteorological parameters of the future period under different scenarios 
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Table 2- Summary of the error measurement statistics of the implementation of different structures of intelligent neural 

models in forecasting the flow of the Keshkan River at the Kamalvand water measuring station   

r (-) NRMSE (-) >�F�B  A��= >�/�1 A��= ���%&�� �/��L 6+a8 5�)
7 _�&
 

0.755 0.755 TanhAxon -- Levenberg Marquat 1-4-5 
ANN 

0.702 0.922 SigmoidAxon --  Levenberg Marquat 1-4-5 
0.790 0.666 TanhAxon Bell Levenberg Marquat )2,2,2,2,2( 

CANFIS 
0.821 0.593 SigmoidAxon Bell Levenberg Marquat )2,2,2,2,2( 
0.856 0.554 Tangant Gaussian Levenberg Marquat )2,2,2,2,2( 
0.790 0.590 SigmoidAxon Gaussian Levenberg Marquat )2,2,2,2,2( 
0.687 0.983 TanhAxon -- Levenberg Marquat 1-4-5 ANN-

GA  0786 1.199 SigmoidAxon -- Levenberg Marquat 1-4-5 
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A1B 0.437 0.203 0.179 0.445 
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B1 0.434 0.201 0.179 0.446 
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A2 0.424 0.192 0.184 0.443 
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Figure 4- The average monthly discharge predicted from 2011-2013 under scenarios A1B, A2, and B1 compared to the base period 

  

 R+8 6� 6</= ��46U�3	 R��L �3'-) � 6��-&�
 
�& !�� �)

/�
��( �& >�=� A2  �B1 /�
��( ��� A1B  .&
)& &/<�

5�Y 
�& ��&�W	/�
��( �& �)�� $*8 
���� A2  �B1  
&

$�	 
	�;=5�� :
�W= ���e� �� ��= �R��W	 
& .*�
)& �4�&

/�
��(� A1B 6�_�Z/= �)/�1*���2  ���M= �
�)��� `�)�8

R��L����	 �)���J= *��
 
& 
�</=I ��-&�
 
�&I  6BF�G	 &
/	

6� .&)& �����
/�;�� 
& 
�& �)���J= *��
 6�I  
& V�( V�)

/�
��(� A1B  �3	�� /�
��( �& �) ���M'	�  .>() �4�&

6�/�
��( 
& 
�& RL)*� �4�& �
�a1� A1B  
& � &)&�- $�	 
&

/�
��( ���A2  �B1 5�Y $�	 �& 
&
01 .>() $*8 
��� �u


!�)/�
��( 6�� A1B 6�/�
��( �)/�1�  $*8 
 �B	 6�����*�

>(). )pF 5�Y b��'�
WG�	 �7 
���/�
��( �& �) �=�  �4�&

 V�*< 
& $*8 6r)
) b��'� 6� 6</= �� .>()3 � �t/;B	  
�& RL)*�

 
& .&�' ) *�)/- d�M=) V�( .�% V/�  
& 6��-&�
 ����<

$�	6� �&�( �����@a= 
)*W	 �&/� !���Y R�F& - 5��� � d�B=


	 
�U'�) �)/� ��	&6� E�� 6��-&�
 ����< 
)*W	 &�
 5�� f=)�	

$�	 ���( �)
	 �!�)����� .*8�� �� b��'� >8)& 
���) �)/=

5�Y/�
��( 
���� A1B e�&E� >�BL)� 6� �=>()V�� !�) �� . 

*��	 
& Hooshmand and Khordadi (2014) /�
��(� 

A1B 6� )
5�� �)/�15�Y 
& >�BGL .*1 *��� !��= 
���

��J'	BF�G	 
& .*�&�� 
 �B	 
;�0L) ���I  6� 6</= �� ��C��

*8 $*���	 ��&�W	2  � 
�&��J'	5�Y 
(��8)/� ��� �$*8 
���

V*	 
<��- /�
��( >�=� A1B 6� 
WG�	
	 �U� .*(
 &/<�


& ���M= 	 ��&�W5�Y*8 
���2  ��0L) ���J= �/�
��( ����<

 6��-&�
 
&$�	��� 
�& _0'@	2 5�Y���� 
��� �)  .*1 &/<�

>�BGL���  
& _0'@	5�Y����< 
�& 
��� *�*Y >�=2  ���J=

 ��0L)BF�G	 b��'� �� 6� >()I Lakzaianpour et al. (2016) 

.&
)& >W��G	 E��  

  

4- �W�6�  ��Y  


	 )
 :7 �)���5F�s �) 
+� �)/=5�Y ����
�  _0'@	 q���	

V�( 
� 
/�� �� 60��W	 � :7 A���	 >���*	 .>��)& 
=7 ���

6MFN	 >�BC� >-��8 .E0'�	 �:7 &/a;� �)��� ���

V�( 
� 
+�"/F�
*��!�*� .>() $*��7 ��� ��13�) 
/U�	

:7 $�4'��)6-�8�( �) *�/F�;� 
9�(��-&�
 ���I  AL)� ��+��

.�- ��'(��8 
&)/� $�4'��) � &��7.�- 
(��8 
(
�� �)�� &��7

 >�BC���J'	 
� 6��-&�
 ����< 
)*W	 � 
(��8)/� ���

V�(>(& �)�� .> �% 
)�L 
(
�� &
/	 $*��7 ��� !�) 6� 
���

 V*	 &��
�� � >�0��L ��*�LARS-WG 5�Y 
& 
�����J'	 ���

V*	 � 
(��8)/�5�Y 
& 
a�1 *�;8/� ��� ����< 
���

&�M'() &
/	 6��-&�
6� b��'� X�()�� .> �% 
)�L $ �$*	7 >(&

��@a= � �Q�)*� ��	& �RL)*� ��	& 5�)E ) *��
 - V�( �= d�B=

2113 5�Y
& .*8 
���  �/�-��J'	 5��= � P
�� ���

��� 
� 5��= 5�)E ) � P
�� 5��� ��*�8
/-2  
��	�2113 -

2080 5�Y���W	 .*8 
���I V*	 &�+0;1 
& 
a�1 *�;8/� ���

5�Y���� �6��-&�
 ����< 
���
a�1 V*	 ��=�� �% - ��� 


a�1 � 
1/��	 
a�1 V*	 �& 6� >a�� - .>() e�'�"

5�Y
a�1 V*	 �� 6��-&�
 ����< 
��� - V�( �= ��� 2113 

/�
��( >�= ���A1B �A2  �B1 ������ 6� &/� �7 �% !��=


& 6��-&�
 ����< 
)*W	 /�
��(� A1B 5�� � 
& �7 
)*W	 !��=

/�
��(� B1 ��-&�
 ����< 
��	� �)���J= .&)& *�)/- �
I  
�

 �
��� V/�  
& 6��-&�
 ����< �)E�	 6� &)& ���� _0'@	 V/� 

-0.1

0

0.1

0.2

0.3

0.4

0.5

0.6

 �

�

)
��

��`
 �


 a
!*

��
6�

(

 .��

 6��Y A2 B1 A1B



  236             <��
��� ���+� /�1��*�� � �+
�� .��� />�� � ?- ������ �  @�74 .���� B3 ��7 B1403 <�EFG B225  �I238  


�& 6� >a�� ��'�	� � E���Y2 6� �6��Y6� f�=�= �)E�	60/20 �

31/17  �27/9 9	 
& .>8)& *�)/- 
��)E ) *��
 *Z
& �� �D/;

 �)���J= 6� 6</=��J'	 $*8 $*���	 ��&�W	 � 
(��8)/� ���

/�
��( 
& 6��-&�
 ����< �)���J= _�Z/= �6��-&�
 ����<� 

A1B 5�� :
�W= >���*	 .�EF �	) !�) .>8)& >�BL)� �� ��=

6� 6��-&�
 ����< z��ZV�( 
� ��'���= R�  
& $}�� ���

2113 -2080 
	 )
.*��(
   

  

 �1,V7�c7  

>��;� �)
	 
�)&
*L ��3	 $�4��)& ���.&/8  

  

�� ^S��� ��dI��Y��	�   

��%*���/� )!� 	 .31) 6F�W	
*�
)& � 6���6�/% B �xx�	 &��=
  
&

 � P
�4� �/�- 
��'�) b��'� � fF�G	)!� 5��}Y &/<� .*�
)*�	  

  

7�67�� .�1� �
 ��  

;�I .>() $*8 6r)
) 6F�W	 !'	 
& b��'� � ��13�)	  

  

 ��Y��	��� �
��+� 

��e� 
<��+
��:� ./�M	R�0�= .�9�) ����( ���

.�� ��
�	7/�
)E ) �b��'� V�'�� �6F�W	 
������ � 5�)��� �
��;��)


6F�W	 I�F�) I@�� P
�4� �$
���	 ����P @��T
 �:�� ./�M	 ����(

R�0�= .�9�).�� ��� ��
�	7/�
)E ) 
������ � 5�)��� �
��;��)


6F�W	 6�F�) 6@�� P
�4� $
���	 � �b��'� V�'�� �6F�W	�  ef�


:�����	' b��'� V�'�� �6F�W	 
������ � 5�)��� �
��;��)
 � R�0��

:�E��S  .b��'� V�'�� �6F�W	 
������ � 5�)��� �
��;��)
  

  

 ^
���  

zF�Z ��*�	 ��/�*- �!��� ��
���) ��;�) ����r���� � �!���� ����

)1393 V*	 >�BGL .*1 
(
�� .(LARS /�
��( >�= ���A2 �

A1B  �B1 5�Y 
& $�4'��) :�&
/	 6BF�G	) �	& � P
�� 
���

 .(*��	 e�'Y/��(�)��) 
�+�� � �
���7 �8)4 �(664 -672 .
https://idj.iaid.ir/article_54812_743bba4c3ae0dec12b6

16078f4239ad7  

) ���)��) �
��'  � �6�)��  ���U� ��C
 �
�+�)/F)1395 ���J= ��Kv= .(


F��+�- >�%��� $
�& � �*8 �� ��0L) .�)��) ��� R�0�=

G��	 �)���@	 
���  �3)2 �(99 -120 .

doi:10.18869/acadpub.jsaeh.3.2.99 
����) !�"�
 �
���  � ����	 �
��
�1397 b��'� R�0�= .(

b�()�  
��;� X��W	E�
$*��7 �)�� 
�)/� � :7 ��� .�)��) �

`��	 �
)*��Y � �� )�J< �26 �73-87. 
dor:20.1001.1.23223197.1397.8.1.6.8   

) X�a1 �
������
 � �*;�	 
01 �
01*�/-7 ��C
 �
��	�1397 
(
�� .(

 �� _0'@	 
=t�;'�) �/G( >�= :��)�
 �� ��0L) ���J= �K)

 .(&
� &�
 6C/� :�&
/	 6BF�G	) >�BGL .*1 &�+��
 � ./01
�
���7 
(*��	 . doi:10.22055/jise.2018.17237.1250   


��;�0( � ���/Y ��	) ��)�Z) ���	 �
/Y1399 ���J= �)�K) 
����
) .(

 V*	 �) $&�M'() �� 
t E���7 6C/� :7 A���	 �� ��0L)SWAT  �

6+a8 �� �7 b��'� 6���W	V*	 � !�E�� ��� *�;8/� ���

 .�*��a��R� 
B�a� ��� )�J< 6	�� �12)50 �(61-79 .
dor:20.1001.1.20085656.1399.13.50.4.2   

) V/(
 �
��;�) � ����)��) �
)�*�	) ��Q�	 �
;�*� ��C
 �����L1397 .(

 ��s��� I��-&�
 
�& �)���J= �� $*��7 
;�0L) ��Kv= 
(
��

V*	 �) $&�M'() �� R��&
) ���SWAT  �LARS-WG .

�"/F/ 
/	/r"�
*�� �4)15 �(55-74 .
dor:20.1001.1.23833254.1397.5.15.4.0   

>F��� � �*�B( ����	3() �
/Y�8 �
��'��/� 
01 �
/Y) �JZ)1396 .(

C/� �
)�� 6<
& �� ��0L) ���J= ��Kv=$*��)� E���7 6 �� &�


 .!�E�� 
��8�	 ���%&�� .�� ��a(��	 �) $&�M'() � :7 ./01
(
B�a� A���	 � ��
���� �/�  � ./01) ,�- .21)1 �(203-

216. doi:/10.18869/acadpub.jstnar.21.1.203  

���r)E+F .3u �
/Y.)
/Y �!��� ���	 ���;F�	 � ��C
 *;�	 �
�aF)

)1395 6��-&�
 :��)�
 �)E�	 �� ��0L) ���J= 
�K7 
����
) .(

6�	�
) 6s��
& E���7 6C/� 
& ��s/F���. 6B(/= � �� )�J< �

14)42 �(183-198 .
https://gdij.usb.ac.ir/article_2350_b0d2f3f8ecb31d

63b7f568effe4d6732  

) !���*�( �&)}� 
r��K � �f��	 �6�	)& 
0aW	1397 &
�7�� .(

��@a= P�
 �) $&�M'() �� ��;��  6WG�	 
& R����'Y d�B=


0'���Y .
�& �) 59�( e��+= � 
/0�= 6��	�( � 
�& �) 59�(
 
��� )�J< ��13�)
B�a� A���	 
& �9)3 �(72-84. 

dor:20.1001.1.26767082.1397.9.3.5.9 
) �*�	 �f�� �*�	1399 R�( 
(
�� .(12  6C/� $�	 !�&
�� 

 .��
�+�)
 6r)
) � ��'(�F ��'() 
& ��+�� E���7��	 >��� `

�@�)�  6B(/= � �67 �13-26 .

https://civilica.com/doc/1472323 

Z �6�	N	d&� )1401 .(���W	6  &�+0;1V*	���  �� 
1/��	 P/�

 V*	IHACRES  
&V*	���(  .6�)��
 ����<V*	 � ���(
,�- � :7 >���*	� 2)3( �1-16 .

doi:10.22098/mmws.2022.9972.1076 
) ����)���	����� ��*;�) e0	 �!�� �$�8�*;�	� �
�%&�� � 

���)��)$&)�1 �
0 )1400 >L& 5�)E ) �� e</	 ��Kv= .(

V*	���  
& 
��;@=V*	���( P
��:��)�
  :�&
/	 IBF�G	)

IC/� 
 /Z��s .(V*	���( �,�- � :7 >���*	 � 1)3( �

67-79. doi:10.22098/mmws.2021.9335.1035  


a�) *;�) ��	) �
��W�& � �R�MF)/�) ��*1��	 �
�=�	 �$&)�1391 .(

$��� �� 6�)��
 
�& *�;8/� !�;@= �) ���% {�a�'() 6��	�(

��� -) ��
���7 � :7 >���*	 609	 .
W�aG= 
a�11(2 �69 -

80.  doi:10.22059/jwim.2012.25093   



 
������ �	
��
 �
 ������� ����� ���
 ��                         ...                                                                                          237  

 *;�	 �
;��
 � �P
7 ��
?7 ��C
*;�	 �
�)&E� ���( ����M9�

)1396�Q�)*� 
�& ��
�� ��0L) ���J= ��Kv= .(  >�= 6�)��


 .($����	�� ��'() 
/��& 6C/�) >�BGL .*1 `�)�8

5��}Y)  �,�- � :7 >��M� ���1(24 �156-139  .
doi:10.22069/jwfst.2017.10715.2513     

���/Y ��U� �&��� 
�)�&��� E���Y   �
<�&)
� ) �C�F)*a11395 
(
�� .(

�
*�� ����'	)
�Y �� ��0L) ���J= �)��Kv= 
����
) � IC/� 
;�0L)

�)*;� ��'()) ��=�a�) *(.( "/F�
*��/�) ��3)2 �(181 -

194.doi: 10.22059/ije.2016.59 

V& �*�;8/�) &)/< *;�	 ��&)&�- � �.)
71393 >�BGL .*1 
(
�� .(

V*	 ���AOGCM /�
��( ��'	)
�Y &
�7�� 
& 
��'�) ��� ���

.(*��	 e�'Y/��( $�4'��) :�&
/	 6BF�G	) 
;�0L)  )�J<��  �
�	 �)���@	
G�� 3)3 �(77-92 .

doi:10.22067/geo.v3i3.29927  

References 
Abbasi, D., Ashrafzadeh A., Asheghi R., Merufinia 

E. (2014). A survey on the performance of 
fuzzy-neural network at predicting the average 
monthly discharge of Catchment Basin areas 
having snow regimes. Journal Civil 

Engineering and Urbanism, 4(4), 480-484. 
http://www.ojceu.ir/main/ 

Alvankar, R., Nazari, F., & Fattah, E. (2016). The 
intensity and return periods of drought under 
future climate change scenarios in Iran. 
Journal of Spatial Analysis Environmental 

Hazarts, 3(2), 99-120. 
doi:10.22055/jise.2016.12010. [In Persian] 

Ansari, H., Khadivi, M., & Babaeian, I. (2014).  
Evaluation of uncertainty LARS model under 
scenarios A1B, A2 and B1 in precipitation and 
temperature forecast (Case Study: Mashhad 
Synoptic Stations). Iranian Journal of 

Irrigation and Drainage, 8(4), 664-672. 
https://idj.iaid.ir/article_54812_743bba4c3ae0
dec12b616078f4239ad7. [In Persian ] 

Bahri, M., & Zahedi, E. (2017). Investigation of 
climate change impacts on streamflow regime 
of a River Arazkooseh River Basin. Scientific 

Journals Management System, 42, 109-132. 
dor:20.1001.1.22287736.1395.16.42.6.1 

Bayatvarkeshi, M., Fashihi, R. (1398). Analyzing the 
results of micro-scale meteorological 
measurements for the future of Iran. Geography 

and environmental sustainability. 26, 73-87. 
dor:20.1001.1.23223197.1397.8.1.6.8. [In 
Persian ] 

Booij, M.J., Tollenaar, D., Van Beek, E., & 
Kwadijk, J.C. (2011). Simulating impacts of 
climate change on River discharges in the Nile 
basin. Physics and Chemistry of the Earth, 

Parts A/B/C, 36(13), 696-709. 
doi:10.1016/j.pce.2011.07.042 

Ghazavi, R., Nadimi, M., Omidhar, A., & Imani, R. 
(2018). Investigating the impact of future 
climate changes on the changes in the 
discharge of Haruchai River in Ardabil using 
SWAT and LARS-WG models. 
Hydrogeomorphology, 4(15), 55-74. 
https://sid.ir/paper/388740/en. [In Persian] 

Hooshmand, D., & Khordadi, M.J. (2014). 
Uncertainty assessment of AOGCMs and 
emission scenarios in climatic parameters 
estimation (Case Study in Mashhad Synoptic 
Station). Geography and Environmental 

Hazards, 11, 77-93. 
doi:0.22067/geo.v3i3.29927. [In Persian] 

Intergovernmental Panel on Climate Change 
(IPCC). (2007) https://www.ipcc.ch/data/ 

Kouhestani, S., Abedi Koupai, J., & Besalatpour, A. 
(2017). Projection of climate change impacts 
on the Zayandeh-Rud River Basin’s 
temperature by using a Bayesian Soft 
Computing Technique. Water and Soil Science, 
21(1), 203-216. 
doi:10.18869/acadpub.jstnar.21.1.203. [In 
Persian] 

Lakzaianpour, G.H., Mohamadrezapour, O., & 
Malmir, M. (2016). Evaluating the effects of 
climatic changes on runoff of Nazloochaei 
River in Uremia Lake Catchment area. 
Geography and Development, 42, 183-198. 
doi: 10.22111/GDIJ.2016.2350. [In Persian] 

Lalozaee, A., Pahlavanravi, A., Bahreini, F., 
Ebrahimi, H., &Iezadi, H. (2013). Efficiency 
comparison of IHACRES model and artificial 
neural networks (ANN) in rainfall-runoff 
process simulation in Kameh Watershed (A 
Case Study in Khorasan Province, NE Iran). 
International Journal of Agriculture: 

Research and Review, 3(4), 900-907. 
doi:10.1016/j.pce.2019.05.002 

Mehdinasab, M. (2020). Survey of1 april flood in 
Kashkan Catchment in Lorestan Province and 
presenting solutions. Scientific Quarterly 

Journal of Environment and Transsectoral 

Development, 67, 13-26. 
https://civilica.com/doc/1472323. [In Persian ] 

Mirzania, E., Malek Ahmadi, H., Shahmohammadi., Y. 
& Ebrahimzadeh, A. (2021). Impact of wavelet 
on accuracy of estimated models in rainfall-runoff 
modeling (Case study: Sufi Chay). Water and Soil 

Management and Modeling, 1(3), 67-79. 
doi:10.22098/mmws.2021.9335.1035. [In 
Persian] 

Moazami Goudarzi, F., Sarraf, A.P., & Ahmadi, H. 
(2020). Prediction of runoff within Maharlu 
Basin for future 60 years using RCP scenarios. 
Arabian Journal Of Geosciences, 13, 605 
pages. doi: 10.1007/s12517-020-05634-x  

Momeneh, S. (2022). Comparing the performance 
of artificial intelligence models with the 
IHACRES model in modeling the flow of the 
Gamasiab river catchment. Water and Soil 

Modeling and Management Journal, 2(3), 1-



  238             <��
��� ���+� /�1��*�� � �+
�� .��� />�� � ?- ������ �  @�74 .���� B3 ��7 B1403 <�EFG B225  �I238  

16. doi:10.22098/mmws.2022.9972.1076. [In 
Persian ] 

Moqbeli Damaneh, M., & Sanainejad, H. (2016). 
Evaporation-transpiration potential report in 
Freeman region using Priestley-Taylor method 
and remote sensing technique. Remote Sensing 

and GIS for Natural Resources, 9(3), 72-84. 
dor:20.1001.1.26767082.1397.9.3.5.9.  [In 
Persian] 

Nabizadeh, M., Mosaedi, A., & Dehghani, A.A. 
(2012). Intelligent estimation of stream flow 
by adaptive neuro-fuzzy Inference System. 
Water and Irrigation Management, 6(2), 69-
80. doi:10.22059/jwim.2012.25093. [In 
Persian] 

Najafian, S., Yazdani, M.R, Azari, A., & Rahimi, 
M. (2017). Climate change impacts on the 
maximum daily discharge under conditions of 
uncertainty (Dinavar basin in Kermanshah). 
Journal of Water and Soil Conservation, 
24(1), 139-156. doi;10.22069/jwfst.2017. 
10715.2513. [In Persian] 

Nazaripouya, H., Kardavany, P., & Farajy Rad, A. 
(2016). Assessing climate change impacts on 
hydro-climatic parameters in the Dam Basin 

of Ekbatan, Hamedan. Eco Hydrology, 3(2), 
181-194. doi:10.22059/ije.2016.59656. [In 
Persian] 

Saraf, A.P., & Soleimanipour, M. (2019). Assessing 
the effects of climate change on the water 
resources of Lar catchment using SWAT 
model and comparing its results with Bayesian 
networks and hybrid intelligent models. 
Natural Geography, 13(50), 61-79. 
dor:20.1001.1.20085656.1399.13.50.4.2. [In 
Persian] 

Zamani, R., Akhund Ali, A. M., & roozbahani, A. 
(2019) .Assessment of climate change impacts 
on runoff under different level of probabilistic 
with uncertainty approach (Case Study: Zard 
River Basin). Irrigation Science and 

Engineering Journal. 
doi:10.22055/jise.2018.17237.1250 [In Persian ] 

Zhu, Q., Jiang, H., Peng, C., Liu, J., Fang, X., Wei, 
X., Liu, S., & Zhou, G. (2012). Effects of 
future climate change, CO2 enrichment and 
vegetation structure variation on hydrological 
processes in China. Global and Planetary 

Change, 80, 123-135. 
doi;10.1016/j.gloplacha.2011.10.010 

 

 


